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Abstract

With the intention of translating ancient texts into vernacular texts, a crawler program was written to
capture ancient texts and their vernacular translations from the ancient text translation website "Du Gu
Shi Cih Website ", so as to obtain a large number of training materials, and train them separately
according to different literary styles. We first tried to do multiple choice questions using a Bert
(Bidirectional Encoder Representations from Transformers) model: give an ancient text, and let the
machine choose its translation from four options. The other three options were random at the beginning,
and the accuracy rate was as high as 96%. Our method achieved good results in random settings.
Therefore, we challenged the more difficult experimental settings. By writing another program to search
keywords, we found out specific vernacular texts with the same words as each line of the ancient texts
and put them 1into the options according to the number of repeated words. Although the accuracy rate was
slightly reduced, the final accuracy rate was still higher than that of only selecting options including the
most repeated words, which means the model didn't just pick the option with the most repeated words,
but had developed its own independent judgment criteria. After the multiple-choice question was
successful, we tried more difficult translations. After trying a variety of models, the model with the best
results was MT5 (A massively multilingual pre-trained text-to-text transformer). Moreover, we added
annotation data accompanied by different contexts to the training set to help training. Although we
haven't succeeded in translating the ancient texts very accurately, our model still performed well in some
sentences. We also found that the model's translation of certain types of words needs to be strengthened.
In the future, we hope to increase the overall translation ability by strengthening pronoun judgment

training and continuously adding annotations.
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