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Although there have been teams that have proposed solutions to judge whether the
mask is worn correctly, according to the collected data, the current solution for whether
the mask is worn correctly is usually implemented using a neural network. Although it
can achieve certain results for mask recognition, there are still some misjudgments.
Under such as cases, this research integrates OpenPose, one of the most powerful
gesture recognition at present, to take this issue a step further. The improvement
direction for this research is when the neural network YOLO judges that it has the
correct data to wear, using OpenPose and the nose and core object algorithm developed
by this research, and then make detailed judgments on the facial features and correct
the misjudgment. Finally, it was confirmed that the algorithm can screen out 56.25%

of the data that was misjudged by the neural network YOLO as having a good mask.
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